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Abstract

Will two modes of political participation: protest and voting, affect each other? In
this paper I exploit a globally-known event, the 2019 Anti-Extradition Law Amendment
Bill Movement (ANTI-ELAB protest) in Hong Kong, and its impacts on the subsequent
2019 Hong Kong District Council Election. I find that in Constituency Areas with higher
protest intensities, as measured by the number of events during the ANTI-ELAB protest,
there was a greater increase in voter turnout in the 2019 District Council Election com-
pared to 2015. In addition, I propose a set of transportation-based instrument variables to
establish causal effects. Additional empirical evidence implies that protest intensity also
affects people’s political stances, leads to an increase in political polarization, and even
has far-reaching effects on people’s outflow, especially in previously pro-establishment
and urban areas. Altogether, I provide empirical evidence that the 2019 ANTI-ELAB
protest has a significant on Hong Kong people’s voting behaviors and political stances,
and may even affect their long-term migration decisions. These results shed some light
on an emerging literature that investigates the interaction between protest and voting

and provides new insights into studying within-city-level social unrest.
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1 Introduction

During the past decades, the world has witnessed a great amount of protests occurring
in both democratic and authoritarian societies (e.g., the Tiananmen Square protests in China
in 1989, or the Tea Party movement in the U.S. in 2009). Though researchers in the field
of economics and political science have focused on the causes and consequences of social
unrest, little research exists regarding the interplay between protest and voting, which are
the two most direct forms of political participation (Madestam et al., 2013; Tertytchnaya and
Lankina, 2020; Anderson et al., 2023). Therefore, in this paper, I exploit a globally-known
event, the 2019 Anti-Extradition Law Amendment Bill Movement (ANTI-ELAB protest) in
Hong Kong, and its impacts on people’s voting behaviors and political stances.

The 2019 Hong Kong ANTI-ELAB protest is by far the largest social unrest in Hong
Kong after returning to China in 1997 (Lai et al., 2019; Chow et al., 2023). However, few
studies have been conducted on this pivotal event. Thanks to detailed data of events during
the ANTI-ELAB protest, the ANTI-ELAB research data archive (HKU Journalism, 2020),
and other related datasets, at a finely-grained spatial level, I exploit the within-city level
spatial variation in protest intensity, defined as the number of events during the ANTI-ELAB
protest, across different Constituency Areas (akin to the neighborhood level) in Hong Kong,
and link it to people’s changes in voting behaviors and political stances in the subsequent
2019 District Council Election.

Using a long-difference regression specification, my main empirical results suggest that
the local protest intensity has a positive and significant effect on voter turnout in the sub-
sequent 2019 District Council Election compared to 2015. The magnitude of this effect is
considerable, with a one standard deviation increase in protest intensity leading to a 0.9
percentage point increase in voter turnout, or around 2% compared to the 2015 mean. The
result still survives with placebo tests using previous election results, as well as numerous
robustness checks.

Why would these protest events lead to people’s political changes? A strand of litera-
ture focuses on protesters providing information to the candidates and resulting in polit-
ical changes (Lohmann, 1993, 1994). However, I argue that this might not be the case of
Hong Kong, given that the protest eventually led to no changes in policy and responses to
protesters’ demands, but only the withdrawal of the amendment.

Instead, due to the unique nature of within-city level analysis in Hong Kong, I argue that
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the ANTI-ELAB protest primarily affects people’s voting behavior by disseminating local
information and increasing personal interaction between protesters and local citizens, which
can be described as a popular phrase ”seeing is believing”. In this case, the effects are more
likely to coincide with the results of Madestam et al. (2013) and Tertytchnaya and Lankina
(2020). Since Hong Kong was inundated with an endless amount of news and stories during
the protest, individuals may be more attuned to events that occurred near their place of
residence. It is these local events and small-scale personal interactions that primarily convey
information, elicit people’s empathy, and ultimately trigger people’s political changes. This
argument is reinforced by further empirical evidence that compares the impact of protest
intensity in the local area versus in nearby neighborhoods or buffers at varying distances.

One of the biggest concerns regarding my empirical strategy is that these events are not
randomly distributed across Hong Kong. They are more likely to occur in economically or
politically important areas. To better enhance the causality of the aforementioned relation-
ship, I propose a set of transportation-based instrument variables. The idea is simple: areas
with a well-established local public transportation system can lead to higher protest inten-
sity since it is easier for protesters to gather and escape. On the other hand, after controlling
for a bunch of local characteristics, the local public transportation development is less likely
to correlate with people’s unobserved political preferences. Under this assumption, the pro-
posed instruments satisfy both the relevance and exclusion restriction conditions. This fur-
ther strengthens the validity of the main results, suggesting an even larger magnitude of the
effects.

Unlike the classic weather variables that have been widely used in previous studies
(Madestam et al., 2013; Tertytchnaya and Lankina, 2020; Beraja et al., 2023), this, to the best
of my knowledge, is the first study that introduces local public transportation development
as an instrument, and it might be still related to some factors that indirectly affect peoples’
political stances, I conduct additional empirical exercises to rule out potential alternative
stories. In contrast to other studies conducted at a cross-city or cross-country level, this
research focuses on Hong Kong as a city-level region. It is important to note that people
protesting in one Constituency Area are not necessarily, and in most cases not, equivalent to
the voters in that area. Thus, it is less likely an omitted variable that correlates the protesting

behaviors of all Hong Kong people,! and the voting behaviors of certain people living in one

IThroughout the paper, I use “Hong Kong people” and “Hong Kong citizens” interchangeably.
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area.

I also perform two heterogeneity tests based on previous political stances: whether pro-
democracy candidates won the previous election in a Constituency Area or not; and urban
sub-urban status: whether the area has a higher population density or not. The results sug-
gest that the effects in previous non-pro-democracy areas and urban areas are more salient,
probably because of higher demands on democracy in these areas.

After conducting a comprehensive empirical analysis of voter turnout, I further investi-
gate the impacts of the ANTI-ELAB protest on people’s political stances. IV results sug-
gest that the protest substantially increased political polarization in Hong Kong by de-
creasing the vote shares of neutral candidates. Moreover, areas with higher protest inten-
sity exhibit a higher increase in pro-democracy votes, while there are negligible changes
in pro-establishment votes, which indicates that there is a large proportion of new voters
supporting pro-democracy candidates, instead of a pure shift of current voters from pro-
establishment to pro-democracy. These new voters, together with those who shift from neu-
tral towards pro-democracy, contribute to the increase in the pro-democracy vote share and
thus lead to a more pro-democracy stance in Hong Kong society. Subsample analysis shows
that the effects are more significant in previously non-pro-democracy areas, where there
may have been a greater divide in opinions after people witnessed the protest. Further com-
parison reveals that in non-pro-democracy areas, increasing protest intensity significantly
shifts people towards pro-democracy, resulting in pro-democracy parties winning over 85%
of the seats in the 2019 District Council Election.

Finally, I present suggestive evidence of a relatively long-term impact on people’s emi-
gration decisions. Following the implementation of the National Security Law in 2020 and
its destruction of democracy in Hong Kong, areas with a higher protest intensity see a lower
growth in stayers.

Overall, my research findings suggest that the 2019 Hong Kong ANTI-ELAB Protest has
significantly increased Hong Kong people’s political engagement, resulting in higher voter
turnout in the subsequent District Council Election. Moreover, the protest altered Hong
Kong people’s political stances, exacerbating the political divide between pro-democracy
and pro-establishment factions, while also shifting the whole society towards pro-democracy.
These far-reaching consequences also affect people’s long-term emigration decisions.

The remainder of the paper is organized as follows. Section 2 provides detailed literature



review. Section 3 provides a brief introduction to the background of the 2019 Hong Kong
ANTI-ELAB Protest and the Hong Kong District Council Elections. Section 4 presents the
detailed data used in this study. I then present the main empirical results on the impact of
protest intensity on the change in people’s voting behavior in Section 5, on people’s polit-
ical stances in Sections 6 and 7. I also provide some suggestive evidence of its impact on

population outflow in Section 8. I finally conclude the paper in Section 9.

2 Literature Review

This paper contributes to several strands of the literature. First, it contributes to the
strand of literature studying the 2019 Hong Kong ANTI-ELAB Protest. Although it received
much worldwide attention in 2019, up to now there are very few studies on this event.
Bursztyn et al. (2021); Cantoni et al. (2019, 2022) are a series of pioneering papers that firstly
focus on this event, but they conduct studies more from individual protesters’ perspectives,
analyzing the determinants and strategies of individuals participating in a protest. Bhamb-
hwani (2022) studies the protest intensity during this period, and how it fluctuates the fi-
nancial markets by affecting the performance of firms in different ownership. The field of
political science has more relevant studies on this topic. For example, Shen and Yu (2021)
conducts experiments to study how to mitigate people’s hostile relationships due to political
polarization. Lee et al. (2019) discusses the distinction between the 2019 ANTI-ELAB Protest
compared to other previous movements in Hong Kong; Tang and Cheng (2021) discusses the
gradual process that protesters of different ages accept the radicalization of the Protest. One
of the biggest contributions of my research is that while most existing studies are illustra-
tive or qualitative (Lee et al., 2019; Wan Chan and Pun, 2020), my study is among the few
that employs rigorous methods to provide some quantitative empirical on the impact of the
ANTI-ELAB Protest.

This paper is also related to very few papers studying the District Council Elections in
Hong Kong (Wong, 2014, 2019; Wang and Wong, 2021; Wong and Wong, 2022). The study of
Wang and Wong (2021) might be the closest to my research, which uses polling-station-level
election data to study another mass event in Hong Kong, the Umbrella Movement in 2014.
However, different from my main results, they instead find that the higher protest expo-

sure, measured by proximity to the protest sites, decreases turnouts and the vote share for



the opposition parties. Moreover, Wong and Wong (2022) uses district-level data to study
the correlation between income inequality and voter turnout. Wong (2019) is another inter-
esting study analyzing Gerrymandering: the redistribution of the electoral District Council
boundaries between 2007 and 2011 and its impacts on several political outcomes.

Moreover, this paper contributes to a broader strand of literature that examines the eco-
nomic and political consequences of social unrest. To this extent, this paper is closest to
Tertytchnaya and Lankina (2020), which examines the impact of protests on individuals’ po-
litical stances in Russia; and Madestam et al. (2013), which studies the Tea Party Movement
in the United States and its influence on the subsequent Midterm US Elections. Wallace
et al. (2014) is another study that demonstrates how protests can affect people’s attitudes
toward the government. Certain research emphasizes the effects of violent protests, sug-
gesting that they can have unclear (Marino et al., 2020) or even adverse effects on people’s
support for democracy (Eady et al., 2023). Compared to the existing research that mainly
conducts cross-country or cross-regional analyses using survey data, my study employs a
much finer spatial unit, the Constituency Area, within a city-level region, and a more direct
measure, voting behaviors, to investigate the change in people’s political stances. Another
unique characteristic of using the 2019 Hong Kong ANTI-ELAB Protest, is that Hong Kong
citizens faced substantial political uncertainty and immense threats to democracy during
the protest. This could potentially increase the influence of protests on voting behavior than
other nominal social unrest in other areas.

Other studies examining the effects of social unrest cover various topics, such as political
regime changes (Acemoglu and Robinson, 2006), financial market performances (Acemoglu
etal., 2018; Barrett et al., 2021), aggregate economic growth (Collins and Margo, 2007; Hadzi-
Vaskov et al., 2023), public policies (Branton et al., 2015), etc. Readers can also refer to
Cantoni et al. (Forthcoming) for a more detailed review.

Finally, this research pertains to previous works on political participation and voting be-
haviors. However, to date, there have been only a limited number of studies that examine
the relationship between social unrest and voting behaviors (Madestam et al., 2013; Little
et al., 2015; Frye and Borisova, 2019; Condra et al., 2018; Tertytchnaya and Lankina, 2020;
Leon-Ablan and John, 2022; Passarelli and Tabellini, 2017; Anderson et al., 2023), and it is an
interesting and important question to investigate whether these two modes of political par-

ticipation’s are either substitutes or complements (Cantoni et al., Forthcoming). My study



also shed some light on this discussion, discovering a causal relationship that protest can

lead to significant change in voting behaviors.

3 Background: the 2019 Hong Kong ANTI-ELAB Protest and

District Council Elections

3.1 The 2019 Hong Kong ANTI-ELAB Protest

The 2019 Hong Kong ANTI-ELAB Protest is by far the largest protest in Hong Kong since
its “handover” to China in 1997. Approximately 270,000 people participated in one of the
largest protest marches (Lai et al., 2019; Chow et al., 2023), and over 10,000 people were ar-
rested during the ANTI-ELAB Protest. The protests began in March 2019, in response to the
Hong Kong government’s proposal of the Fugitive Offenders and Mutual Legal Assistance
in Criminal Matters Legislation (Amendment) Bill 2019, also known as the Extradition Bill.2

Although Hong Kong still maintains its institutional and judicial independence under
the Basic Law and the “One Country, Two Systems” policy, an increasing number of Hong
Kong citizens believe that the Chinese Communist Party (CCP) is gradually encroaching
on their democratic political rights. This extradition bill poses a greater threat to Hong
Kong’s judicial freedom, as it allows the Central government to secretly transfer fugitives,
particularly political suspects having dissents against the CCP, from Hong Kong to mainland
China.

The protest was initially a relatively peaceful demonstration near the Central Govern-
ment Offices and the Legislative Council Complex, but later escalated into violence and
extended to various locations throughout Hong Kong. As Figure 1 shows, the ANTI-ELAB
protest peaked in November 2019 and subsequently declined due to the COVID-19 pan-
demic. The protest ultimately concluded with the enactment and implementation of the

National Security Law on July 1, 2020.

2In 2018, a Hong Kong male named Tong Kai Chan killed his girlfriend in Taiwan and fled back to Hong
Kong. At that time Hong Kong and Taiwan did not have bilateral agreements on fugitive extradition, and thus
the Hong Kong government proposed an amendment to the current Fugitive Offenders Ordinance, which
removes the restriction on the Chinese government requesting extradition from Hong Kong. One can see
https://www.nytimes.com/2019/06/10/world/asia/hong-kong-extradition-bill.html for more details.
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3.2 Hong Kong District Council Elections

The District Councils of Hong Kong, established in 1982, are local organizations that
provide daily support to the government. According to the Basic Law, the District Council
serves as a bridge between the Hong Kong government and the Hong Kong people by com-
municating with local citizens, collecting different views, and providing support on district
affairs.? It also helps promote laws and policies by the Hong Kong government. Although
it is not an official organ of political power, it recently served as a platform for candidates to
convey their political stances. Additionally, it is the only platform where Hong Kong people
can directly elect candidates.

There are a total of 18 District Councils and approximately 450 Constituency Areas in
Hong Kong. Most members of the Hong Kong District Council are directly elected by citi-
zens, although prior to 2015, a significant number of “appointed members” were chosen by
the Chief Executive.* The District Council Elections take place every four years and utilize
the ”Single-seat, single-vote” system, where candidates with the highest number of votes
secure the seat.

Figure 2 plots the aggregate voter turnout in each District Council Election since 1999.
The data reveals that the turnout rates were relatively steady, ranging between 40-50%, prior
to 2015. However, in 2019, following the ANTI-ELAB protest, there was a steep increase in
voter turnout rates, reaching over 71%.

After the 2019 District Council Election, Hong Kong underwent significant institutional
changes, including the District Councils. In the 2023 District Council Election, less than 20%
of seats are directly elected by Hong Kong citizens. Additionally, all candidates undergo
strict scrutiny to ensure that they “love both the country (China) and Hong Kong” (Chan,
2023; Leung, 2023). This scrutiny almost completely rules out the possibility of almost all
pro-democracy candidates being elected, resulting in an election with less than 25% voter

turnout. To a significant extent, the 2019 District Council Election is the last election that

3The Basic Law concludes nine general functions of District Councils, most of which are related to local
district affairs. These functions include, for example, “to be consulted by the Government on the district affairs
affecting the livelihood and living environment in the District and well-being of the people in the District”, and
“to collect the views of the people in the District in respect of an issue specified by the Chairman of the District
Council, and to submit to the Government a summary of the views collected and the suggested corresponding
measures”. One can see https://www.had.gov.hk/en/public_services/district_governance/dbmain.htm
for more detailed information.

4There are still 27 ex officio members, who are leaders of the Rural Committees, in the 2015 and 2019
District Council Elections.
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remains a democratic process, and thus the ANTI-ELAB Protest was Hong Kong people’s

“last ditch” to strive for democracy in Hong Kong.

4 Data

In this section, I introduce the data used in my empirical analyses, which mainly in-
cludes the Hong Kong District Council election data, the Hong Kong census data, detailed
protest data during the 2019 Hong Kong ANTI-ELAB Protest, and finally the data used for

instrument construction. Table 1 reports the descriptive statistics of the key variables.

4,1 Election Data

I obtain the detailed results of Hong Kong’s District Council Elections in 2011, 2015,
and 2019 from the Registration and Election Office of the Hong Kong government,” which
includes the detailed voter turnout data, as well as the campaign information of each can-
didate. In the 2019 District Council Election, Hong Kong had a total of 18 District Councils
and 451 Constituency Areas.®

I first collect the voter turnout data for each Constituency Area, then manually collect
the campaign information for each candidate, and then use the following procedures to
determine whether he or she is pro-establishment, pro-democracy, or neutral. Readers may
refer to Appendix A for more detailed information.

First, I look at which party the candidate belongs to and assign the candidate the same
political stance as his or her political affiliation. Different from the United States, where there
are two major parties, the Democrats and the Republicans, Hong Kong has more than fifteen
parties before 2020. Appendix Table A.1 shows the political stances of most of the major
parties in Hong Kong. Suppose the candidate does not declare his or her political affiliation
or claims to be an independent candidate, in that case, I then turn to the campaign poster
and political platform to determine the candidate’s political stance. I also use Wikipedia as
an additional resource in this step. Finally, if the candidate does not have a stance in his

or her campaign poster, I classify him or her as a neutral candidate. Appendix Figure A.1

Shttps://www.elections.gov.hk/

®The number of Constituency Areas in Hong Kong is slightly different in each District Council Election,
for example, 412 in 2011 and 431 in 2015. In the latter analysis, I use only 431 Constituency Areas that appear
in both the 2015 and 2019 elections.
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shows four examples of different cases and their political attitudes using different primary
information.

After assigning each candidate his or her political stance, I finally have 1090 candi-
dates in the 2019 District Council Election, of which 484 are pro-establishment, 548 are pro-
democracy, and 48 are neutral; and 936 candidates in the 2015 election, of which 465 are
pro-establishment, 354 are pro-democracy, and 116 are neutral.

Of course, this method suffers from measurement errors, especially in the previous elec-
tions, where candidates focused more on rudimentary rather than political issues. In this
case, there is a concern that I may misclassify the political stance of some candidates as

neutral.

4.2 Census Data

The second part of the data is the Hong Kong census data from the Census and Statis-
tics Department of the Hong Kong government.” I collect the 2016 bi-census and the 2021
census data at the Constituency Area level. The bi-census and the census provide detailed
demographic information for each Constituency Area, including education, place of birth,
employment, income, etc. On average, according to the 2016 bi-census, each Constituency
Area has 2.46 square kilometers and 17,019 people, of whom 54% are female, 92% are Chi-
nese, 62% are between 25 and 64 years old, and 29% receive at least some college education.

A major advantage over other regions in China is that Hong Kong provides a comprehen-
sive census at a very fine spatial level, the Constituency Area. Because of the time mismatch
between the election and the census, I use the 2016 bi-census data in my main empirical
specification to control for pre-period demographic characteristics and to mitigate potential

simultaneity bias.

4.3 Protest Data

I collected detailed event data during the 2019 ANTI-ELAB protests from the ANTI-
ELAB research data archive organized by HKU Journalism (HKU Journalism, 2020).2 They
use text mining techniques to extract detailed information from around one hundred Tele-

gram channels, identifying a total of 2,873 events and 3,377 event-location pairs between

"https://www.censtatd.gov.hk/tc/
8https://antielabdata. jmsc.hku.hk/
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June 12, 2019, and May 31, 2020. The accompanying paper (Teo and Fu, 2021), as well as
other parallel research (Urman et al., 2021; Su et al., 2022), illustrates a special and impor-
tant role of social media, including Telegram, in the dissemination of information among
protesters during the 2019 ANTI-ELAB protest. To get a clearer sense of the protest’s impact
on the election, I narrowed the period to the day before the 2019 District Council Election,
November 23, 2019. This ultimately gives me a total of 1,398 events and 1,678 event-location
pairs.

I then use ArcGIS Pro to identify the exact Constituency Area that each event (event-
location pair) belongs to, and use the logarithm of one plus the number of events in a Con-
stituency Area as my treatment variable, protest intensity, in my empirical analyses.

Another dataset option for protest research is the GDELT project,” which offers expansive
data on global events. However, within the context of Hong Kong, the geographical data on
the events within GDELT is less accurate. As a result, the ANTI-ELAB research data archive

better suits my research needs for a within-city analysis.

4.4 Transportation Data

As illustrated in the latter section, the non-randomness of protests causes potential en-
dogenous concerns. Therefore, I construct the instrument variables for protest intensity by
relying on transportation-based information. More specifically, I obtained the location data
of all bus stops and minibus stops in Hong Kong from the Transport Department of the
Hong Kong government.'? T then use ArcGIS Pro to identify the exact Constituency Area
that each stop belongs to and calculate the number of stops that each Constituency Area has.
I also obtain the location data of all Hong Kong subway stations (MTR) from Google Maps
API and calculate the minimum distance from the central point of each Constituency Area
to its nearest MTR Station. I then create a set of transport-based instrument variables.

The intuition behind this set of instruments is that if an area has a more developed local
public transportation system, it is more convenient for protesters to gather and escape from
police using public transportation. On the other hand, the public transportation system
should be less correlated with changes in people’s voting behavior and political attitudes,

conditional on a comprehensive set of control variables. I will continue discussing the va-

‘nttps://www.gdeltproject.org/.
Ohttps://www.td.gov.hk/en/home/index . html
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lidity of my instrument variables in Section 5.

5 Main Results on Turnouts

My empirical analyses begin by looking at the effect of the 2019 Hong Kong ANTI-ELAB
Protest on people’s voting behaviors. More specifically, I test whether the increase in protest
intensity during the 2019 Protest led to an increase in voter turnout in the 2019 Hong Kong
District Council Election. I first introduce my empirical specification, then present the OLS
results, as well as the placebo test and several robustness checks. I then provide a thorough
discussion of my instrument variable strategy, and finally discuss the heterogeneous effects

across Constituency Areas.

5.1 Empirical Specification

My empirical analyses mainly rely on the long-difference specification, which allows
me to exploit the spatial variation in protest intensities across different Constituency Areas

within Hong Kong. I estimate the following model:

AY,i2019-2015 = & + yProtest Intensity ; + BXc40016 + 14 + €ca (1)

where AY,;2019-2015 is the change in voter turnout between the 2015 and 2019 District Coun-
cil Elections in Constituency Area c and District Council d, and Protest Intensity_; is the
main explanatory variable, the protest intensity, proxied by the number of total events be-
tween June 12, 2019, and November 23, 2019, the day before the 2019 District Council Elec-
tion. Because the distribution of the number of total events is extremely right skewed,
with around 50% of the areas having zero events, I use the log transformation, In(1 +
NumEvents) through my analyses. I also control for X,; 2016, the pre-protest demographic
characteristics using the 2016 bi-census data, which includes the proportion of people who
are female, in different age groups, married, born in Hong Kong (mainland China), speaking
Cantonese (Mandarin), in different education groups, is in the labor force, and the median

household income in Constituency Area c and District Council d.!' District Council fixed

"There is a mismatch on time between the District Council Election and the census in Hong Kong, and I can
only get census data for 2011, 2016, and 2021. Therefore, using a long-difference specification and controlling
for pre-period demographic characteristics is better than a panel setting when I need to combine the 2019
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effects 77; are also included to capture potential spatial unobserved characteristics. Through-

out my empirical analyses, I report the heteroskedastic-robust standard errors.

5.2 Main Results

I present the main regression results on voter turnout in Table 2. Column (1) reports the
most parsimonious model with the protest intensity as the only explanatory variable. Given
the fact that voter turnout is related to a variety of other factors, it is not surprising that the
coefficient is less precisely estimated. I then gradually introduce controls for demographic
characteristics in Column (2), employment in Column (3), median household income in Col-
umn (4), and District Council fixed effects in Column (5). One can see that across different
specifications, the estimated coefficient of the protest intensity is significantly positive at the
5% level, indicating that higher protest intensity in one Constituency Area during the 2019
ANTI-ELAB protest led to higher voter turnout in the subsequent District Council Election.
The coefficient is both qualitatively and quantitatively similar across different specifications.

In terms of economic significance, if I focus on the estimated coefficient in Column (5), it
implies that comparing two Constituency Areas at the 25th and 75th percentile of protest in-
tensity respectively, the voter turnout increases by an additional 1.191 (1.386 * 0.859 = 1.191)
percentage points in 2019. One can also interpret it as one standard deviation increase in
protest intensity leads to an increase in voter turnout by 0.878 (1.022 * 0.859 = 0.878) per-
centage points, or 1.87% relative to the 2015 mean, 46.9%. In Column (6) I use the same
specification as Column (5) but weight by 2016 population, to account for the fact that dif-
ferent Constituency Areas have different population sizes, and the results are quantitatively
unchanged.

In the remainder of the paper, I use Columns (5) and (6) as my preferred specifications.

Readers might be concerned whether I capture the real impact of the 2019 ANTI-ELAB
protest on the 2019 District Council Election, or whether it is merely due to a gradual in-
crease in people’s political enthusiasm over time. Unlike a standard Difference-in-Difference
(DID) framework where I can perform a rigorous parallel pre-trend test, I instead use the
previous outcome as a placebo test. More specifically, I replace the outcome variable with
the increase in voter turnout between 2011 and 2015, AY,42015-2011- Intuitively, the 2019

ANTI-ELAB protest should only affect the subsequent District Council Election but have no

election data with the 2021 covariates, which might cause a larger potential bias.
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impact on the prior ones. Therefore I anticipate an insignificant coefficient in this regression.
Table 3 reports the results, where Columns (1) and (2) are the original regression results in
Columns (5) and (6) in Table 2, and Columns (3) and (4) use the change in the prior elec-
tions between 2011 and 2015. As anticipated, the 2019 ANTI-ELAB protest only affects the
2019 District Council Election, while it does not affect the prior ones, with an insignificant
coefficient (even negative) in previous outcomes.

As an additional placebo check, I construct one thousand "pseudo protest intensity” mea-
sures by shuffling the actual protest intensity measure and randomly assigning it to each
Constituency Area. I then rerun the main regression, only replacing the actual protest inten-
sity with those “pseudo” measures, and test whether they still reveal a significant effect or
not. If the protest intensity does have a significant effect on voter turnout, the actual esti-
mate should stand out as an outlier in the distribution. Figure 3 plots the distribution of the
estimates of these “pseudo protest intensity” measures, as well as the actual protest inten-
sity in the black solid line. Most of the “pseudo protest intensity” has a coefficient around
0, and the actual coefficient is an outlier of the distribution. Only 0.2% of the estimates are
more positive than the actual estimate.

These two placebo tests serve as identification checks to strengthen the validity of the

main results that higher protest intensity leads to a larger increase in voter turnout.

5.3 Robustness Checks

Next, I conduct several robustness checks to test the validity of the main results. First,
readers might have concerns regarding the measure of protest intensity in a Constituency
Area. It is also possible that these extreme outliers are driving the results. Therefore, I use
other alternative measures and re-estimate the model. Table 4 reports the results, where
Columns (1) and (2) report the results using the same measure of protest intensity but win-
sorized at the 2nd and 98th percentiles; Columns (3) and (4) use instead the raw number
of events, also winsorized at the 2nd and 98th percentiles. Both alternative measures of
protest intensity yield similar positive coefficients, although using the raw number the es-
timate is less precisely estimated. Another alternative measure, reported in Columns (5)
and (6) of Table 4, is to use a simple binary variable that equals one if there is at least one
event in a Constituency Area and zero otherwise. Note that this can also be viewed as the

“extensive margin” of the effect, comparing areas with and without events. I therefore also
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report the “intensive margin” by restricting the sample to those areas with at least one event
in Columns (7) and (8) for comparison. Readers can compare Columns (5) and (6) with
Columns (7) and (8) to distinguish between extensive and intensive margins. The extensive
margin dominates.

As an additional check, I follow Madestam et al. (2013) to test whether the results are
driven by one specific influential area. More specifically, I rerun the same regression repeat-
edly, each time dropping one Constituency Area (District Council). Figure 4 (Appendix Fig-
ure B.1) plots the distribution of the estimated coefficients by dropping each Constituency
Area (District Council). The estimated coefficients for the majority of the samples are sim-
ilar to the estimated effect using the full sample, indicating that the main results are not
influenced by a single area.

Readers may also be concerned that using the heteroskedastic-robust standard errors
cannot capture, for example, potential spatial correlation across different areas. However,
given that Hong Kong has only 18 District Councils, using clustered standard errors might
result in more biased estimates of standard errors (Bertrand et al., 2004; Cameron et al., 2008),
and thus I use the heteroskedastic-robust standard errors in my main empirical analyses.
Despite the potential bias, I repeat the empirical analyses using standard errors clustered
at the District Council level in Appendix Table B.1 and other unreported tables, so as to
allow for potential spatial correlation within District Councils. The similarity of the results
mitigates the concern that I underestimate the standard errors and thus capture a rather
insignificant relationship.!?

Finally, note that the number of observations in my main regression is only 361, com-
pared to a total of 431 Constituency Areas that appeared in both the 2015 and 2019 elections.
This is because not all Constituency Areas had two or more candidates in 2015, and thus
there were uncontested elections in those areas. However, In 2019, all areas held competi-
tive elections featuring at least two candidates. Although it is impossible to eliminate the
concern that areas with and without competitive elections in 2015 may be systematically
different, I compare the demographic characteristics as well as the protest intensity between
these two groups in Appendix Table B.2. The results reveal that all the characteristics are

similar except for the proportion of people aged 55 to 64. Thus there is less reason to believe

12To account for the fact that there are few clusters, I also use the wild cluster bootstrapping with
Rademacher weights and 999 replications (Roodman et al., 2019), the results are basically unchanged.
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that excluding those areas without competitive elections in 2015 will bias my main results.
Overall, the main results that areas with higher protest intensity during the 2019 Hong
Kong ANTI-ELAB protest led to a higher increase in voter turnout in the 2019 District Coun-
cil Election are robust to various alternative measures, not driven by one particular area, and
less likely due to systematic differences between areas that have competitive elections versus

those that do not.

5.4 What Story Am I Telling? Seeing is Believing

Previous discussions suggest that if there is a higher protest intensity in one Constituency
Area during the 2019 Hong Kong ANTI-ELAB protest, there will be an increased turnout in
the subsequent 2019 District Council Election compared to 2015. But it is unclear how these
protest events led to people’s political changes. There is a strand of literature suggesting that
these events can help protesters provide private information to the candidates and eventu-
ally lead to political changes (Lohmann, 1993, 1994). However, I argue that in the case of
Hong Kong, the protests did not result in any changes in policy or responses to protesters’
demands, but only to the withdrawal of the amendment. Therefore, this theory may not
tully explain the situation in Hong Kong.

Another potential channel suggests that media coverage might play a significant role.
Wasow (2020); Anderson et al. (2023), for example, studied the Poor People’s Campaign in
the United States and discovered that newspaper coverage with varying attitudes towards
protesters resulted in heterogeneous effects on election outcomes across different regions.
Other well-known papers also highlighted the importance of media during a mass protest
(Qin et al., 2017; Enikolopov et al., 2020). However, this might also not be able to fully
explain the case of Hong Kong. Recall that in the main empirical specification, I rely on
the spatial variation of protest intensity across different Constituency Areas within Hong
Kong. Unlike previous studies that compare different countries or regions, people living in
different neighborhoods within Hong Kong should receive almost identical media exposure,
which, to the extreme, should give me a zero estimated coefficient of protest intensity. >

Therefore, media coverage alone cannot fully explain the effects of the protest.

130ne might argue that people in different neighborhoods may have preferences for different media, which
could result in heterogeneous media exposure. While it is not possible to eliminate this possibility, it is less
likely to occur in the case of Hong Kong when conducting a within-city analysis, compared to studies focusing
on different regions or countries.

16



Instead, due to the unique nature of within-city level analysis in Hong Kong, I argue
that the ANTI-ELAB protest primarily affects people’s voting behavior by disseminating lo-
cal information and increasing personal interaction between protesters and local citizens.
The 2019 Hong Kong ANTI-ELAB protest had a wide impact on the Hong Kong popula-
tion, yet the extent of participation, and the protest intensity varied across different Con-
stituency Areas. Residents might have a distinct impression of protests that occurred closer
to their homes, thus triggering changes in their voting behavior and political stances. In
other words, this coincides with a popular phrase that “seeing is believing”: people are
more sensitive to those local events instead of protests in other places. The case of Hong
Kong and the 2019 Hong Kong protest are more likely to in line with the explanations in
Madestam et al. (2013) and Tertytchnaya and Lankina (2020), supporting the story that these
local events and small-scale personal interactions primarily convey information, elicit peo-
ple’s empathy, and ultimately trigger people’s political changes.

To empirically test the aforementioned narrative, Table 5 reports the results that inves-
tigate the effect of protest intensity in both the local and neighboring areas, measured by
the log transformation of the total number of events in adjacent Constituency Areas. Across
all specifications, the local protest intensity dominates and remains positively significant,
implying that it is those local events that lead to the change in people’s voting behaviors.
On the other hand, the protest intensity in neighboring Constituency Areas has insignificant
and even minor adverse effects, and the magnitude is small compared to the coefficient of

local protest intensity.

5.5 Instrument Variables

A key threat to the main results discussed in the previous section is that protests are not
randomly distributed across Hong Kong. Figure 5 plots the spatial distribution of all events
in Hong Kong between June 12, 2019, and November 23, 2019, the day before the 2019
District Council Election. Most of the events occur in the urban areas of Hong Kong, such as
Mong Kok and Tsim Sha Tsui, or areas close to the Hong Kong Central Government Offices
and the Legislative Council complex, such as Central and Admiralty. Appendix Table B.3
further compares the characteristics between areas with and without events, and it can be
seen that areas with events have significantly higher proportions of the population who are

female, college graduates, employed; and higher median household income.
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Therefore, the non-randomness of these events might severely affect the main results. In
this case, a simple OLS regression might capture a potential bias where protesters strategi-
cally choose areas where even in the absence of the protest, people are more likely to change
their voting behaviors and political stances. Another potential source of bias might be from
reverse causality. For example, there are certain Constituency Areas with higher political
enthusiasm and thus higher voter turnout in the elections; and it is higher political enthu-
siasm that leads to higher protest intensity in these areas. To mitigate the above concerns, I
turther introduce another empirical strategy by instrumenting the local protest intensity.

To construct an appropriate set of instrument variables for protest intensity, one must
overcome several challenges. The first challenge is to ensure that, conditional on all the de-
mographic characteristics and the District Council fixed effects, the proposed instruments
should solely affect the voter turnout through protest intensity, but not other variables.
Several seminal papers on protests have proposed possible directions for dealing with this
problem. For example, Madestam et al. (2013); Beraja et al. (2023) introduces local weather
conditions as instruments and the idea is that these bad weather conditions reduce people’s
willingness to participate in a protest, thus decreasing the protest intensity in an area. Miao
et al. (2021) uses eclipses as a natural shock and finds that it can predict the protest intensity
across different counties in ancient China. However, my second, and arguably the largest
challenge, is that the aforementioned papers exploit the variation across prefectures or coun-
ties, whereas in this paper, under the framework of Hong Kong, there is no variation if I use
those variables. More specifically, as Hong Kong is a city-level region, the empirical analyses
in this paper are more closely aligned to a neighborhood-level analysis. Therefore I require
an instrument variable that exploits the variation across blocks. A final challenge, based on
the second one, is that the data for constructing instrument variables requires to be detailed
and accurate in the spatial dimension.

Taking these challenges into consideration, I propose a set of transportation-based in-
strument variables and argue that it satisfies the exclusion restriction, as well as providing a
block-level variation that enables me to conduct IV analysis. The intuition is the following;:
if a Constituency Area has a more advanced public transportation system, it is easier for
protesters to gather and escape from the police, thus decreasing the cost of protesting. On

the other hand, it is rather hard to imagine that the development of the public transportation
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system is related to the political enthusiasm and stances in one area.!* In this way, my in-
strument variables should tease out a causal relationship between the protest intensity and
the change in voter turnout in subsequent District Council Election.

With the aforementioned logic in mind, I further collect the detailed geographical data
of all the bus stops and minibus stops and calculate the logarithm of one plus the number
of bus stops and minibus stops within each Constituency Area as two instrument variables.
I also collect the geographical data for all the Hong Kong Mass Transit Railway (MTR) sta-
tions, and the Hong Kong Metro system. I calculate the logarithm of the distance from the
central point of each Constituency Area to its nearest MTR Station.!® I thus acquire a set of
transportation-based instruments consisting of the aforementioned three variables. I then

estimate the following two stage least square (25LS) equations:

Protest Intensity ; = p + p1 In(1 + Num. Bus Stops)
+ 02 In(1 + Num. Minibus Stops) + p3 In(1 4+ Min. Dist. to the MTR)

+ BXed2016 +1d + Ved
AY g 20192015 = & + yProtest Intensity,, + BXei 2016 + 1d + cd

(2)

Intuitively, conditional on demographic characteristics, an area with a more advanced
public transportation system is more convenient for protesters to gather, and escape from
being arrested by police. Like most of the developed western cities, Hong Kong largely re-
lies on public transportation as the main way to commute, among which buses and MTR are
the two most important commute methods. In 2019, there were around 12.5 million daily
public transportation patronage, and nearly 90% were from different types of buses and
MTR (Transport Department, 2020). In the field of transport, two relevant studies also dis-
cuss the importance of public transportation, especially MTR, for protesters during the 2019
Hong Kong ANTI-ELAB protest, and find that in surrounding areas of certain important
MTR stations, there are more large-scale protests (Chan et al., 2022; Zhou et al., 2022). This

all provides evidence that protesters use buses and MTRs as a main commute method, indi-

4Readers might worry that the development of public transportation system might capture the urban sta-
tus of an area, and people in urban areas might have different political behaviors compared with people in
suburban areas. I discuss this issue in later paragraphs.

157 also use the centroid of each Constituency Area instead of the central point as a robustness check, which
yields a quantitatively similar result.
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cating that my transportation-based instruments are strongly related to the protest intensity.
On the other hand, the validity of my IV approach depends on the crucial assumption that
conditional on a large set of demographic characteristics, public transportation does not cor-
relate with people’s voting behaviors and political stances in other ways. This is a plausible
assumption at first glance, and I will continue further discussions on the validity of this
assumption at the end of this section.

Table 6 reports the first-stage regression results of the protest intensity on the set of in-
strument variables. Not surprisingly, all three variables are statistically significant at the 1%
level in all specifications, and the first-stage F-statistics are between 20 and 27, suggesting
that they are strongly correlated with the protest intensity. Coinciding with intuitions, if the
Constituency Area is more accessible with a more advanced public transportation system,
defined by more bus and minibus stops, and closer to the MTR station, the protest intensity
there is higher.

Next, I turn to the second stage regression results in Table 7. Columns (1) and (2) report
the OLS regression results, which are from Columns (5) and (6) of Table 2; and Columns
(3) and (4) report the IV results. The results show that the estimated coefficients are both
positive and significant at the 5% level, providing further evidence of the validity of my
main findings. In terms of magnitude, the IV estimates are larger than the OLS estimates,
suggesting that the OLS estimate might underestimate the effects of the ANTI-ELAB protest
on voter turnout. Although I am unable to clearly identify the source of underestimation,
the results imply that my main analysis yields a conservative estimate of the effect to some
extent.

While the first-stage F-statistic is relatively high, the possibility of a weak instrument
issue cannot be entirely ruled out. Therefore I further estimate the limited information max-
imum likelihood (LIML) IV regressions in Columns (5) and (6). The results are largely con-
sistent with the IV results in Columns (3) and (4), suggesting that a weak instrument issue
is less likely to result in a bias.

Some may be concerned that the raw number of bus and minibus stops does not provide
a clear picture of the development of the public transportation system across different Con-
stituency Areas, due to the significant variation in population density and size among these
areas. Therefore, I provide additional robustness checks of the instruments by suggesting

alternative measures. Specifically, I normalize the number of bus and minibus stops based
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on population or area. Figure 6 presents the second-stage coefficient of the protest intensity
on voter turnout using different instrument variables, following the same specification as
Column (3) in Table 7. The second-stage estimated coefficients remain largely robust, rang-
ing between 1 and 2, regardless of whether I combine two measures into one total stop count
or normalize the number of stops by 2016 population or area, although in some cases they
are less precisely estimated. The results alleviate concerns that the proposed instruments
are inadequate in describing the development of the local public transportation system. Ad-
ditionally, the results support the idea that the proposed instruments only affect people’s
political behaviors by making protest participation easier, resulting in an increase in local
protest intensity.

In the final part of the IV estimation, I return to the previous key assumption of my
identification, that conditional on a large set of demographic characteristics, public trans-
portation only correlates with people’s voting behaviors and political stances through the
protest intensity. Readers might still be concerned that this does not hold. Although I can-
not eliminate all the alternative stories, I provide two additional tests to mitigate certain
concerns.

The first possibility comes from the potential heterogeneity across people in urban and
suburban areas. Despite controlling for a variety of demographic characteristics, one could
still argue that people in different areas exhibit different political behaviors. For instance,
it is possible that people in urban areas have different political enthusiasm compared to
those in suburban areas since they have a higher demand for democracy, and my proposed
instrument variables thus capture some of the unobserved heterogeneity since urban areas
have more advanced public transportation systems than suburban areas. To mitigate this
concern, I further control whether an area is an urban or suburban area, proxied by its pop-
ulation density, and repeat all the previous regressions. Table B.5 reports the results, where
the urban area dummy is insignificant across all specifications, and the coefficient of the
protest intensity remains positively significant. This implies that the potential differences in

political enthusiasm between urban and suburban areas do not affect my main results.!®

16 A confusion might occur if readers compare the results here with the latter results of comparing heteroge-
neous effects between urban and suburban areas. I argue that while they are all related to urban and suburban
areas, the analysis in this paragraph is to mitigate the concern that there are innate differences in political
stances and voting behaviors between people in different areas, while the latter analysis is to show that the ef-
fects of the protest intensity have different effects in different areas. The two analyses serve different purposes
and are not contradictory.
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Another potential alternative story might be that my proposed transportation-based in-
struments are related to both the ease of protesting and voting. That is, urban areas with
advanced public transportation systems reduce both protest and voting costs, resulting in
higher protest intensity and voter turnout. In this situation the instruments are also related
to the dependent variable directly, thus resulting in potential bias. To mitigate this concern, I
further control the distance between the central point of each Constituency Area to the near-
est polling station,!” and report the results in Table B.6. After controlling for demographic
characteristics, the distance to the nearest polling station remains statistically insignificant,
regardless of whether it is used as the solely explanatory variable (Columns (1) and (2)), or
together with the protest intensity (Columns (3) and (4)), or with the instrumented version
(Columns (5) and (6)).

Finally, while it is difficult to rule out this possibility completely, I argue that unlike
other studies examining the relationship between protests and voter turnout on a broader
geographic level, in the case of Hong Kong, voters in one Constituency Area are not neces-
sarily, and in most cases not, the protesters in that area. Since protesters typically gather in
one area from different places in Hong Kong, there is thus less likely an unobserved factor
that is related to both the political attitudes of universal protesters and the voting behaviors
of local voters. Moreover, by incorporating District Council fixed effects, I indeed compare
Constituency Areas within one District Council, which by design, should be relatively more
similar. Therefore, the findings in my main results are less likely to be influenced by omitted
variables.

Taken altogether, the proposed transportation-based instruments help me strengthen the
validity of the main findings, and establish a causal relationship between the protest inten-
sity during the 2019 Hong Kong ANTI-ELAB protest and the subsequent increase in voter

turnout in the 2019 District Council Election.

5.6 Heterogeneity Tests

In the last part of the main results, I investigate whether there is notable heterogeneity
in the effects of protest intensity across different Constituency Areas. I conduct two hetero-

geneity tests according to urban-suburban status and past political stances.

171 again use the centroid of each Constituency Area instead of the central point as a robustness check,
which yields a quantitatively similar result.
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Table 8 reports the results from two subsamples categorized by the previous political
stances of the winning candidate in the 2015 District Council Election - pro-democracy or
not. The estimated coefficients in both subsamples are positively significant at the 10%
level, suggesting an overall increase in voter turnout due to the ANTI-ELAB protest. In
terms of magnitude, the estimated coefficients of previous non-democracy areas, reported
in Columns (1) and (2) are larger than those of previous democracy areas. One possible ex-
planation, shown in the latter section, is that the intensified protest substantially increased
the political polarization in the previous non-democracy areas, inducing people supporting
both political stances more eager to vote.

Another heterogeneity test focuses on the difference between urban and suburban areas.
People residing in urban areas may have higher demands on political perspectives, and
thus pay more attention to political issues, which can be traced back to Maslow’s theory of
human motivation (Maslow, 1943). In such areas, the local protest intensity should have a
large impact on people’s voting behaviors. Table 9 reports the results on two subsamples
of urban and suburban areas. Here I use population density to the status of a Constituency
Area. More precisely, I calculate the average population density using the 2016 population
data and define a Constituency Area as urban if its population density is above the mean,
and suburban vice versa.!® The estimated coefficients of the protest intensity are positive in
both subsamples, but urban areas have a much larger estimate in terms of magnitude. This
is consistent with the conjecture that individuals residing in urban areas are more responsive

to protests.

5.7 Review

To sum up, in this section, I exploit the spatial variation of the protest intensity across
different Constituency Areas during the 2019 Hong Kong ANTI-ELAB protest. The results
demonstrate that higher protest intensity leads to a higher increase in voter turnout in the
subsequent 2019 District Council Election compared to 2015. These findings highlight the
impact of protest intensity on voter turnout, a most direct method of political participation. I
conduct robustness checks to explore alternative explanations and propose instrument vari-

ables to address concerns about the non-random spatial distribution of protests. Further

18In the Appendix Table B.7, I test the robustness by comparing the population density with the 2016 me-
dian, the results are qualitatively the same.
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empirical tests show that it is those local protests that elicit greater responsiveness, and in-
dividuals residing in previous pro-democracy and urban areas exhibit a higher increase in

voter turnout after being exposed to heightened local protest intensity.

6 Second Results on Polarization

Having looked at the effect of the 2019 Hong Kong ANTI-ELAB protest on voter turnout
in the subsequent District Council Election, it is also interesting what candidates will ben-
efit from the increase in turnout. Therefore, I next wonder whether and how it influences
people’s political stances, inferred by the change in vote shares of candidates in different
stances. Two salient changes stand out in the 2019 District Council Election, compared with
previous ones. On the one hand, there is a huge increase in political polarization. On the
other hand, there is also a large shift towards pro-democracy. I mainly discuss the effect
of the protest on political polarization in this section and the shift in political stances in the
next section.

Figure 7 plots the political polarization index in Hong Kong and other regions (Mainland
China and Taiwan), as well as the worldwide average, from the Varieties of Democracy'® be-
tween 1997 and 2020. According to V-DEM, the higher this measure is, people with different
political stances are more reluctant to communicate peacefully, leading to a more polarized
society. Anecdotal evidence also revealed that during the ANTI-ELAB protest, there was a
drastically huge social cleavage among Hong Kong citizens, where people supporting the
pro-establishment (Blue Ribbons) and the pro-democracy (Yellow Ribbons) became increas-
ingly hostile and tore (Ge, 2019; Beech, 2020)..

Therefore in this section, I conduct a similar empirical analysis but instead look at the
change in support for neutral candidates. More specifically, I again estimate Equation 2,
where the only change is the outcome variable, AY,;019_2015 to the total votes (divided by
voters) and the vote share of neutral candidates. I follow the same specifications of Columns
(3) and (4) in Table 7 and report the IV results in Table 10.

Columns (1) and (2) report the results of protest intensity on the change of total votes (di-
vided by registered voters), and Columns (3) and (4) report the results of the change of vote
share, obtained by the neutral candidates. Areas with higher protest intensity exhibited both

Phttps://v-dem.net/.
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fewer neutral votes and lower neutral vote share in the 2019 District Council Election com-
pared to 2015. Although less precisely estimated compared to the main regression results,

the coefficients are all marginally significant,?

and the coefficient of vote share is significant
at the 10% level. In terms of magnitude, a standard deviation increase in protest intensity
leads to a 1.52 (1.022 * 1.485 = 1.52) percentage point decrease in neutral votes of registered
voters and a 3.98 (1.022 * 3.890 = 3.98) percentage point decrease in neutral vote share, re-
spectively.

This effect is relatively large compared to the 2015 mean, which is 2.954 and 6.758, re-
spectively, because it reflects both decreasing neutral voters and possibly fewer neutral can-
didates after the protest. To some degree, these numbers might be interpreted as the up-
per bound of the real effect of the 2019 ANTI-ELAB protest on polarization. But with that
caveat in mind, the results in Table 10 provide direct evidence that the ANTI-ELAB protest
catalyzes the polarization of people’s political stances, either supporting pro-democracy or
pro-establishment.

I also exploit the heterogeneity across different Constituency Areas. Appendix Table
B.8 reports the results if I divide the sample by their previous political stances. The IV
results reveal that the decrease in the vote share of neutral candidates mainly comes from
previous non-pro-democracy areas, while in previous pro-democracy areas, the coefficients
are insignificant and small in magnitude. Together with the results below on vote shares of
pro-democracy candidates, they indicate that people in previous non-pro-democracy areas
exhibit a higher divide in political stances, from a relatively neutral stance to either pro-
democracy or pro-establishment. Previous pro-democracy areas, on the other hand, have
already a higher level of supporting pro-democracy, and thus I observe a relatively stable

move.

7 Third Results on Pro-Democracy Vote Share

In this section, I provide further evidence of the change in people’s political stances. As
Figure 8 shows, there was a huge shift from pro-establishment to pro-democracy from 2015
to 2019. However, given the previous findings that there is an increase in voter turnout

and a decrease in neutral vote shares, readers might wonder what eventually causes an

20For example, the p-value of the estimated coefficient of protest intensity in Column (1) is 0.118.
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aggregate change in political stances. Is it because a large proportion of new voters support
pro-democracy candidates? Or are there even some current voters who shift drastically from
pro-establishment towards pro-democracy? In this section, I further analyze the vote shares
of different stances.

Table 11 reports the results of protest intensity on the change in total votes (divided
by registered voters) obtained by pro-democracy and pro-establishment candidates, respec-
tively, as well as the change in pro-democracy vote share. Columns (1) and (2) exhibit pos-
itive and marginally significant coefficients,?! indicating that areas with higher protest in-
tensity exhibited a higher increase in pro-democracy votes in the 2019 District Council Elec-
tion, compared with 2015. In terms of magnitude, a standard deviation increase in protest
intensity leads to a 2.39 (1.022 * 2.337 = 2.39) percentage point increase in pro-democracy
votes, compared to the 2015 mean, of 18.66. The increase in the total votes obtained by the
pro-democracy candidates may be attributed to a huge proportion of new pro-democracy
voters, which can be seen from a significant increase in voter turnout, and also due to a large
number of people shifting from neutral towards pro-democracy, which can be seen from a
significant decrease in neutral votes.

It is also possible that a considerable number of people shifting their political stances
from pro-establishment to pro-democracy. If this is the case, there should be a significant
decrease in the total votes obtained by the pro-establishment candidates. However, the re-
sults in Columns (3) and (4) are in contrast to this possibility, suggesting a very imprecisely
estimated and even somewhat positive coefficient. This further suggests that the ANTI-
ELAB protest did not lead to a pure shift from pro-establishment to pro-democracy, but
instead a more complicated polarized change, making people less likely to be neutral. The
results also indicate that the significant increase in voter turnout benefits pro-democracy
candidates more, which can be seen from a positive and, again, marginally significant coef-
ticient in the pro-democracy total vote share. It also explains why the pro-democracy won
the 2019 election by a landslide, which is shown in Figure 8.

The results are in contrast to the findings in Wang and Wong (2021), which focuses on
the 2014 Umbrella Movement, where higher protest exposure, measured by proximity to
the protest location, leads to lower voter turnout and the vote share for the opposition (pro-

democracy) parties. This is probably because back in 2014, the Umbrella Movement was

21For example, the p-value of the estimated coefficient of protest intensity in Column (1) is 0.106.
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a relatively small-scale event that occurred in a few areas, and most Hong Kong people at
that time were still less empathetic about protesters” demands, but more concerned about
the inconvenience these events led to. However, the 2019 ANTI-ELAB protest spread across
Hong Kong and gained more public support (Lin, 2019). Therefore, it is unsurprising that
two mass events had different impacts on people’s political changes, and ultimately led to
different results in the subsequent elections.

To further test my hypothesis and leverage the variations across Constituency Areas,
I again conducted subsample analyses based on previous political stances, and Appendix
Table B.9 reports the results. In previous non-pro-democracy areas, the impact of protest
intensity is marginally significant and positive, while in areas that were previously pro-
democracy, the effect is insignificant. I finally compare the effects on total vote share among
three political stances in Figure 9, and it reveals that there are insignificant effects in previ-
ous pro-democracy areas, possibly due to already a large proportion of people supporting
pro-democracy candidates. In contrast, in previous non-pro-democracy areas, a significant
decrease in neutral votes led to a substantial increase in pro-democracy votes and a modest
increase in pro-establishment votes. While the results still coincide with the fact that pro-
establishment candidates lost the 2019 District Council Election in several previous winning
areas in 2015, it also echoes the findings from the previous section, indicating that the ANTI-
ELAB protest in 2019 also resulted in a rise in political polarization among the people in

Hong Kong.

8 Fourth Results (Suggestive) on People’s Emigration

In the very final section, I provide some suggestive evidence of people’s outflow. Af-
ter the implementation of the National Security Law in 2020, a significant number of Hong
Kong people decided to emigrate to other countries, such as Australia or the United King-
dom, to avoid potential political uncertainty. It is possible that if people living in areas with
higher protest intensity either received more information or had stronger impressions about
the erosion of democracy in Hong Kong, then they decided to migrate out of Hong Kong
after 2020.

I, therefore, use the same specification as in the previous analyses, except for the outcome

variable, the change in stayers, which represents the proportional change in the number of
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people who stay in the same Constituency Area.?? I use the information in the 2016 bi-census

and the 2021 census and calculate it as follows:

Total Stayers,,; — Total Stayers,;;; 4

3)

Stayers Growth%o,0y1_ =
y 20212016 (Total Stayers,,; + Total Stayer52016) /2

Table 12 reports the results, where the IV results in Columns (3) and (4) exhibit a negative
and significant coefficient of the protest intensity. This suggests that if a Constituency Area
has a higher protest intensity during the ANTI-ELAB protest, the growth of the proportion
of total stayers decreases in 2021 as compared to 2016. Although the magnitude might look
relatively high at first glance, given that there is a large variation in the stayer growth across
Constituency Areas (the interquartile range is (9.78 - (-14.05) ) = 23.83 percentage points), the
effect still falls in a reasonable range. Further, due to data limitation, I cannot distinguish
between people who leave Hong Kong and those who move to other places within Hong
Kong.?* This leads to the estimate from the regression as only an upper bound but still
provides valuable insights into the effect. I perform additional heterogeneity tests to look
at where experiences the largest decrease in stayers. Appendix Tables B.10 and B.11 report
the results of subsample analyses based on previous political stances and urban-suburban
areas, respectively. The greatest decline of the total stayer growth comes from the previous
non-pro-democracy areas, where the people have a greater incentive to migrate out due to
unfavorable political conditions, and urban areas, where people might have higher demands
on democracy.

Altogether, this section provides suggestive evidence that the 2019 Hong Kong ANTI-
ELAB Protest affects not only individuals’ voting behaviors and political stances in the short
term but also their confidence in the future of Hong Kong, influencing long-term migration

choices.

22These stayers are calculated as the sum of people who (1) moved home within the same area of residence
and (2) remained at the same address.

2The denominator is to mitigate the effects of outliers with small number of total stayers in 2016. I use
alternative measures of total stayer’s growth by changing the denominator to only the number of total stayers
in 2021, the results are qualitatively unchanged.

24 According to the 2021 census, the ratio between the number of people having internal migration versus
total stayers is 0.13, making it a relatively small proportion.

28



9 Conclusion

This paper examines the impact of the 2019 Hong Kong ANTI-ELAB protest on the sub-
sequent District Council Election. The findings indicate that the protest significantly influ-
enced people’s voting behaviors and political stances. Specifically, there was an increase in
voter turnout, a decrease in neutral vote share, and a shift from pro-establishment towards
pro-democracy. The protest may also have long-term effects on people’s emigration choices.
Additional empirical results confirm that individuals are more cognizant of local events that
have a greater impact on conveying information and evoking empathy, ultimately leading
to shifts in political perspectives. Considering the significant changes observed before and
after the protest, it is undeniable that this protest, also known as the “last ditch to defend

democracy,” had a profound influence in changing Hong Kong's political environment.
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Figure 1: Number of Events During the 2019 Hong Kong ANTI-ELAB per Month

Notes: This figure plots the number of events per month during the 2019 Hong Kong ANTI-ELAB
Protest. The data source is the ANTI-ELAB research data archive.
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Figure 2: Overall Voter Turnout of Hong Kong District Council Elections from 1999 to 2019

Notes: This figure plots the aggregate voter turnout in each Hong Kong Council Election, from 1999
to 2019. The data source is the Registration and Election Office of the Hong Kong government.
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Figure 3: Estimated Coefficient of Placebo Protest Intensity on Voter Turnout

Notes: This figure shows the distribution of the estimated coefficients of the placebo protest intensity
on voter turnout, based on Equation 1 and the specification of Column (5) in Table 2. I run one thou-
sand regressions of “pseudo” protests, where for each regression, I shuffle the actual protest intensity
and randomly assign it to each Constituency Area to construct the “pseudo” protest intensity mea-
sure. The outcome variable is the percentage point change of the voter turnout in each Constituency
Area between the 2019 and 2015 Hong Kong District Council Elections. The main explanatory vari-
able is the protest intensity, measured by the log of one plus the number of events during the 2019
Hong Kong ANTI-ELAB Protest. The black solid line represents the actual estimated coefficient us-
ing the real protest intensity measure.
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Figure 4: Estimated Coefficient of Protest Intensity on Voter Turnout, Dropping One Constituency
Area

Notes: This figure shows the distribution of the estimated coefficients of the protest intensity on voter

turnout, based on Equation 1 and the specification of Column (5) in Table 2. For each regression, I
drop one Constituency Area from all the observations. The outcome variable is the percentage point
change of the voter turnout in each Constituency Area between the 2019 and 2015 Hong Kong District
Council Elections. The main explanatory variable is the protest intensity, measured by the log of one
plus the number of events during the 2019 Hong Kong ANTI-ELAB Protest. The black solid line
represents the actual estimated coefficient using the full sample.
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Figure 5: Spatial Distribution of Events in Hong Kong, 2019

Notes: This figure plots the spatial distribution of all the events during the 2019 Hong Kong ANTI-
ELAB Protest. I constrain the period from June 12, 2019, to November 23, 2019, one day before the
2019 Hong Kong District Election. 1 The data source is the ANTI-ELAB research data archive.
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Figure 6: Second-stage Estimated Coefficient of Protest Intensity, Using Different Instruments

Notes: This figure plots the second-stage estimated coefficient of the protest intensity on voter
turnout, using different instruments. All regressions use the same specification as Column (3) in
Table 7, controlling for demographics, employment, income-related variables, as well as council dis-
trict fixed effects. Standard Errors are robust to heteroskedasticity, and 90% confidence intervals are
in navy solid line. Total stops represent the total number of bus and minibus stops; per 1000 person
represents the number of bus (minibus) stops divided by the Constituency Area population in 2016,
and per square area represents the number of bus (minibus) stops divided by the area of the Con-
stituency Area. Instruments in level are all in their raw numbers, and in log are all measured by the
log of one plus the number.

40



4 T T T T T T T T T T T
Hong Kong
————— Mainland China
351 Taiwan 7
= = =World
o)
5 37 T
£
c
.0
= 25T -
N =
E — p— — — - - -
C 2= = - - 7 |
'8 . /" ----- \‘
= ‘ A} - T \
0? 15 F-—=—r"—=—r—=" = e . ,/ == Y
1F i
05 1 1 1 1 1 1 L ! 1 1 1
,\Q}B/( ,\g%c?’ ‘?,QQ\ '?«QQ% ,LQQG-) ,?/QQ/\ ?«QQQ’ ,.LQ’\\ ,?/Q‘\(:D ?’Q’\% (LQ\/l ‘?,Q\g
Year

Source: Varieties of Democracy (V-Dem)

Figure 7: Time Series of Political Polarization Score in Hong Kong, 1997 to 2020

Notes: This figure plots the measure of the political polarization index in Hong Kong, Mainland
China, Taiwan, and the world average, from 1997 to 2020. The data source is the Varieties of Democ-
racy.
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Figure 8: Hong Kong District Council Election Results, 2015 and 2019

Notes: This figure plots the results of the Hong Kong District Council Election in 2015 and 2019. Blue
represents that a non-pro-democracy candidate wins the Constituency Area, and yellow represents
that a pro-democracy candidate wins the Constituency Area. The data source is the Registration and

Election Office of the Hong Kong government.

42



10
|

Percentage Point Changes in Total Vote Share
-10-8 6 -4 -2 0 2 4 6 8

Previous Non Pro—-Dem. Previous Pro—Dem.

I Pro-Dem. [ Pro-Est. [ Neutral

Figure 9: Estimated Change in Vote Shares of Different Candidates, based on Previous Political
Stances

Notes: This figure plots the estimated coefficients of results total vote share of different candidates in
the 2019 Hong Kong District Council Election, using the specification of Columns (3) in Table 7, us-
ing subsamples based on whether pro-democracy candidates won in the 2015 Election. The outcome
variable is the percentage point change of the total vote share of candidates with different political
stances in each Constituency Area between the 2019 and 2015 Election. The main explanatory vari-
able is the protest intensity, measured by the log of one plus the number of events during the 2019
Hong Kong ANTI-ELAB Protest. The instrument variables are the log of one plus the number of
bus stops, log of one the plus the number of minibus stops, and the log of the distance from the
central point of the Constituency Area to its nearest MTR Station. Standard Errors are robust to het-
eroskedasticity, and 90% confidence intervals are in black solid line.
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Table 1: Summary Statistics of Key Variables

Mean SD Min p25 p50 p75 Max  Obs
Panel A: Treatments
Num. of Events 7.471 23.139 0 0 2 7 398 452
Num. of Events before Nov. 24 3.712 12.333 0 0 0 3 212 452
Panel B: Instruments
Num. of Bus Stops 9.588 11.935 0 4 6 11 140 452
Num. of Minibus Stops 1.613 2.169 0 0 1 2 13 452
Num. of Total Stops 11.201 12.920 0 4 8 13 140 452
Min. Dist. to the MTR (km) 1.014 1.316 0.04 035 057 115 12.88 452
Panel C: Control Variables
Female % 53.978 2.220 4881 5251 53.77 5528 62.08 431
Age Under 15 % 11.107 2.870 497 884 11.08 13.07 20.01 431
Age 15-24 % 10.611 2.877 423 879 1019 12.05 24.82 431
Age25-44 % 30.321 4.009 1993 2746 29.83 3272 4446 431
Age 45 -64 % 31.840 3.047 23.78 2991 31.87 3398 4211 431
Age Over 65 % 16.121 4.734 6.66 1256 1592 19.23 3646 431
Married % 51.671 4.231 39.81 4848 51.86 55.08 6040 431
Born in Hong Kong % 60.872 9.036 37.63 5427 61.07 67.64 7948 431
Born in Mainland China % 30.833 11.096 9.31 21.64 30.76 38.80 58.27 431
Speak Cantonese % 85.582 9.067 35.38 83.46 88.18 9135 9691 431
Speak Mandarin % 1.778 1.665 003 074 126 226 1324 429
With Diploma or Certificate % 5.147 1.072 254 437 504 5383 8.86 431
With Sub-degree Course % 4172 0.824 1.81 363 413 4.68 6.43 431
With Degree course % 19.581 10.086 519 1151 16.66 2591 4997 431
Working population % 51.246 4.495 3730 48.17 5144 5422 6587 431

Median Household Income 35248.631 19194.026 15000 24000 29200 40000 174460 431

Notes: This table reports the summary statistics of all Key variables in my empirical analyses. The
data source is the Census and Statistics Department of the Hong Kong government, the ANTI-ELAB
research data archive, and the Transport Department of the Hong Kong government. Panel A is the
main treatment variable, the number of events during the 2019 Hong Kong ANTI-ELAB Protest in
each Constituency Area. Panel B is the set of instrument variables, including the number of bus
stops, minibus stops and total stops in each Constituency Area, and the distance from the central
point of each Constituency Area to its nearest MTR station. Panel C are demographic characteris-
tics, employment, and income control variables of each Constituency Area in 2016. Female through
working population refer to the proportion of population with noted attribute. Median household
income refers to the median monthly household income in 2016 Hong Kong Dollar.
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Table 2: Main Results: OLS Regression Results of Protest Intensity on Voter Turnout

(1) (2) (3) (4) (5) (6)

Protest Intensity  0.308  0.737** 0.705** 0.710** 0.859***  0.893***
(0.316) (0.320) (0.325) (0.333) (0.331)  (0.340)

Demographics Y Y Y Y Y
Employment Y Y Y Y
Income Y Y Y
District FE Y Y
Weighted N N N N N 2016 pop
R? 0.003 0.129 0.130 0.130 0.241 0.247
Observations 363 361 361 361 361 361

Notes: This table reports the OLS regression results of protest intensity on voter turnout, based on
Equation 1. The outcome variable is the percentage point change of the voter turnout in each Con-
stituency Area between the 2019 and 2015 Hong Kong District Council Election. The main explana-
tory variable is the protest intensity, measured by the log of one plus the number of events during the
2019 Hong Kong ANTI-ELAB Protest. Column (1) reports the bi-variate regression results. Column
(2) controls for demographic characteristics at the 2016 level. Column (3) adds employment controls
at the 2016 level. Column (4) adds the median household income at the 2016 level. Column (5) in-
cludes district council fixed effects. Column (6) weights by Constituency Area’s total population in
2016 level. Standard Errors are robust to heteroskedasticity and reported in parenthesis. *** p < 0.01,
*p <0.05 *p<0.10.
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Table 3: Placebo Test: OLS Regression Results on Previous Voter Turnout

ATurnoutypi9_2015

ATurnoutypis_o011

(1) (2) (3) (4)

Protest Intensity 0.859***  0.893*** -0.333  -0.431

(0.331)  (0.340) (0.390)  (0.393)
Demographics Y Y Y Y
Employment Y Y Y Y
Income Y Y Y Y
District FE Y Y Y Y
Weighted N 2016 pop N 2016 pop
R? 0.241 0.247 0.165 0.176
Observations 361 361 287 287

Notes: This table reports the OLS regression results of protest intensity on voter turnout, using the
specification of Columns (5) and (6) in Table 2. The outcome variables are the percentage point change
of the voter turnout in each Constituency Area between the 2019 and 2015 Hong Kong District Coun-
cil Election in Columns (1) and (2), and the percentage point change of the voter turnout between
the 2015 and 2011 elections in (3) and (4), respectively. The main explanatory variable is the protest
intensity, measured by log of one plus the number of events during the 2019 Hong Kong ANTI-ELAB
Protest. Standard Errors are robust to heteroskedasticity and reported in parenthesis. *** p < 0.01, **

p < 0.05,* p < 0.10.
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Table 4: Robustness Check: OLS Regression Results on Voter Turnout Using Alternative Measures

Winsorized Levels Extensive Margin  Intensive Margin

D) 2) ®3) 4 ®) (6) @) 8
Winsorized; og 0.910***  0.940***
(0.345) (0.354)

NumEvents; o5 0.085 0.090
(0.056)  (0.057)
Events Dummy 1.466™*  1.518**
(0.684)  (0.712)
Protest Intensity 0.716 0.767
(0.567)  (0.579)
Demographics Y Y Y Y Y Y Y Y
Employment Y Y Y Y Y Y Y Y
Income Y Y Y Y Y Y Y Y
District FE Y Y Y Y Y Y Y Y
Weighted N 2016 pop N 2016 pop N 2016 pop N 2016 pop
R? 0.242 0.247 0.231 0.236 0.236 0.241 0.284 0.284
Observations 361 361 361 361 361 361 173 173

Notes: This table reports the OLS regression results of protest intensity on voter turnout, using al-
ternative measures of protest intensity and the specification of Columns (5) and (6) in Table 2. The
outcome variable is the percentage point change of the voter turnout in each Constituency Area be-
tween the 2019 and 2015 Hong Kong District Council Election. The main explanatory variable is the
protest intensity, measured by the log of one plus the number of events during the 2019 Hong Kong
ANTI-ELAB Protest. Columns (1) and (2) use the original protest intensity measure, but winsorized
at the 2 and 98% percentile. Columns (3) and (4) use the level number of events, winsorized at the 2
and 98% percentile. Columns (5) and (6) use a dummy variable equal to 0 if the Constituency Area
has at least one event, and zero otherwise. Columns (7) and (8) use the original measure of protest
intensity, but restricting the sample to areas with at least one event during the 2019 Hong Kong
ANTI-ELAB Protest. Standard Errors are robust to heteroskedasticity and reported in parenthesis.
= p <0.01," p <0.05 * p <0.10.
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Table 5: Local Information: Regression Results Controlling Protest Intensity in Neighborhood Areas

(1) (2) (3) (4)

Neighborhood Protest Intensity -0.271 ~ -0.279 -0.342 -0.349
(0.322)  (0.342)  (0.316)  (0.333)

Local Protest Intensity 0.891***  0.924***
(0.331)  (0.340)
Demographics Y Y Y Y
Employment Y Y Y Y
Income Y Y Y Y
District FE Y Y Y Y
Weighted N 2016 pop N 2016 pop
R? 0.227 0.231 0.244 0.250
Observations 361 361 361 361

Notes: This table reports the regression results of protest intensity on voter turnout using the spec-
ification of Columns (5) and (6) in Table 2. The outcome variable is the percentage point change of
the voter turnout in each Constituency Area between the 2019 and 2015 Hong Kong District Council
Election. Columns (1) and (2) report the results using only the neighborhood protest intensity, mea-
sured by log of one plus the number of events in adjacent Constituency Areas during the 2019 Hong
Kong ANTI-ELAB Protest. Columns (3) and (4) further include the local protest intensity, measured
by log of one plus the number of events within the Constituency Area during the 2019 Hong Kong
ANTI-ELAB Protest. Standard Errors are robust to heteroskedasticity and reported in parenthesis.
“*p <0.01,* p <0.05,* p <0.10.
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Table 6: IV Regression: First Stage Regression Results on Protest Intensity

(1) (2) 3) (4) () (6)

In(1 + Num. Bus Stops) 0.337*** 0.282***  0.275*** 0.258"**  0.273"**  0.270"**

(0.074) (0.071) (0.071) (0.071) (0.078) (0.080)
In(1 + Num. Minibus Stops)  0.305***  0.354***  0.359***  0.374*** 0.426"*  0.438***

(0.080) (0.083) (0.083) (0.083) (0.087) (0.090)
In(Min. Dist. to the MTR) -0.415***  -0.380*** -0.362*** -0.340"** -0.385"** -0.412***

(0.051) (0.052) (0.055) (0.057) (0.064) (0.065)
Demographics Y Y Y Y Y
Employment Y Y Y Y
Income Y Y Y
District FE Y Y
Weighted N N N N N 2016 pop
F-stat 27.718 25.568 22.487 20.723 21.26 21.687
R? 0.237 0.291 0.297 0.305 0.370 0.365
Observations 363 361 361 361 361 361

Notes: This table reports the first stage IV regression results of the instrument variables on protest
intensity, based on Equation 2. The outcome variable is the protest intensity in each Constituency
Area, measured by the log of one plus the number of events during the 2019 Hong Kong ANTI-ELAB
Protest. The instrument variables are the log of one plus the number of bus stops, log of one plus the
number of minibus stops, and the log of the distance from the central point of the Constituency Area
to its nearest MTR Station. Column (1) uses the most parsimonious regression specification. Column
(2) controls for demographic characteristics at 2016 level. Column (3) adds employment controls at
the 2016 level. Column (4) adds the median household income in 2016 level. Column (5) includes
district council fixed effects. Column (6) weights by Constituency Area’s total population in 2016
level. Standard Errors are robust to heteroskedasticity and reported in parenthesis. *** p < 0.01, **

p < 0.05 * p <0.10.
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Table 7: IV Regression: Second Stage Regression Results on Voter Turnout

OLS Results IV Results LIML IV Results

(1) (2) (3) (4) (5) (6)

Protest Intensity ~ 0.859***  0.893***  1.510"* 1.567** 1.513**  1.568**
(0.331)  (0.340)  (0.692)  (0.697)  (0.694)  (0.698)

Demographics Y Y Y Y Y Y
Employment Y Y Y Y Y Y
Income Y Y Y Y Y Y
District FE Y Y Y Y Y Y
Weighted N 2016 pop N 2016 pop N 2016 pop
Kleibergen-Paap F 21.260 21.687  21.260 21.687
R? 0.241 0.247 0.232 0.237 0.232 0.237
Observations 361 361 361 361 361 361

Notes: This table reports the second stage IV regression results of protest intensity on voter turnout,
based on Equation 2 and the specification of Columns (5) and (6) in Table 2. The outcome variable
is the percentage point change of the voter turnout in each Constituency Area between the 2019 and
2015 Hong Kong District Council Election. The main explanatory variable is the protest intensity,
measured by the log of one plus the number of events during the 2019 Hong Kong ANTI-ELAB
Protest. Columns (1) and (2) report the original OLS results, and Columns (3) and (4) report the
IV Results, where the instrument variables are the log of one plus the number of bus stops, the log
of one plus the number of minibus stops, and the log of the distance from the central point of the
Constituency Area to its nearest MTR Station. Columns (5) and (6) report the Limited Information
Maximum Likelihood (LIML) IV results. Standard Errors are robust to heteroskedasticity and re-
ported in parenthesis. *** p < 0.01, ** p < 0.05, * p < 0.10.
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Table 8: Regression Results of Protest Intensity on Voter Turnout, Subsample of Previous Political
Stances

Previous Non-Pro-Dem. Previous Pro-Dem.

(1) (2) (3) (4)

Protest Intensity 1.775* 1.823* 1.270* 1.152

(1.010) (1.015) (0.706)  (0.706)
Demographics Y Y Y Y
Employment Y Y Y Y
Income Y Y Y Y
District FE Y Y Y Y
Weighted N 2016 pop N 2016 pop
Method v v IV I\Y%
R? 0.311 0.329 0365  0.355
Observations 239 239 122 122

Notes: This table reports the IV regression results of protest intensity on voter turnout, using the
specification of Columns (5) and (6) in Table 2. The outcome variable is the percentage point change of
the voter turnout in each Constituency Area between the 2019 and 2015 Hong Kong District Council
Election. The main explanatory variable is the protest intensity, measured by the log of one plus the
number of events during the 2019 Hong Kong ANTI-ELAB Protest. The instrument variables are the
log of one plus the number of bus stops, log of one plus the number of minibus stops, and the log
of the distance from the central point of the Constituency Area to its nearest MTR Station. Columns
(1) and (2) report the results using the subsample that non-pro-democracy candidates won in the
2015 District Council Election, and Columns (3) and (4) report the results using the subsample that
pro-democracy candidates won in the 2015 District Council Election. Standard Errors are robust to
heteroskedasticity and reported in parenthesis. *** p < 0.01, ** p < 0.05, * p < 0.10.
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Table 9: Regression Results of Protest Intensity on Voter Turnout, Subsample of Urban versus Sub-
urban Areas

> Mean Pop. Density < Mean Pop. Density

1) (2) 3) (4)

Protest Intensity ~ 2.629 2.362 1.486* 1.649**

(1.720) (1.839) (0.779) (0.752)
Demographics Y Y Y Y
Employment Y Y Y Y
Income Y Y Y Y
District FE Y Y Y Y
Weighted N 2016 pop N 2016 pop
Method v I\Y IV I\Y
R? 0.292 0.304 0.258 0.273
Observations 168 168 193 193

Notes: This table reports the IV regression results of protest intensity on voter turnout, using the
specification of Columns (5) and (6) in Table 2. The outcome variable is the percentage point change of
the voter turnout in each Constituency Area between the 2019 and 2015 Hong Kong District Council
Election. The main explanatory variable is the protest intensity, measured by the log of one plus the
number of events during the 2019 Hong Kong ANTI-ELAB Protest. The instrument variables are the
log of one plus the number of bus stops, log of one plus the number of minibus stops, and the log of
the distance from the central point of the Constituency Area to its nearest MTR Station. Columns (1)
and (2) report the results using the subsample that the Constituency Area has a population density
higher than the mean at the 2016 level, and Columns (3) and (4) report the results using the subsample
that the Constituency Area has a population density lower than the mean at the 2016 level. Standard
Errors are robust to heteroskedasticity and reported in parenthesis. *** p < 0.01, ** p < 0.05, *
p < 0.10.
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Table 10: Regression Results on Votes and Vote Shares of Neutral Candidates

A Neutral Votes, A Neutral
of registered voters % Total Vote Share %
(1) (2) €) (4)
Protest Intensity  -1.485 -1.256 -3.890"  -3.499
(0.950) (0.992) (2.094)  (2.165)
Demographics Y Y Y Y
Employment Y Y Y Y
Income Y Y Y Y
District FE Y Y Y Y
Weighted N 2016 pop N 2016 pop
Method 1\Y% I\Y% I\Y% IV
R? 0.097 0.103 0.094 0.096
Observations 361 361 361 361

Notes: This table reports the IV regression results of protest intensity on the votes and vote shares of
neutral candidates, using the specification of Columns (5) and (6) in Table 2. The outcome variable is
the percentage point change of votes (divided by registered voters) in Columns (1) and (2) and is the
percentage point change of the total vote share in Columns (3) and (4), obtained by neutral candidates
in each Constituency Area between the 2019 and 2015 Hong Kong District Council Election. The main
explanatory variable is the protest intensity, measured by the log of one plus the number of events
during the 2019 Hong Kong ANTI-ELAB Protest. The instrument variables are the log of one plus the
number of bus stops, log of one plus the number of minibus stops, and the log of the distance from
the central point of the Constituency Area to its nearest MTR Station. Standard Errors are robust to

heteroskedasticity and reported in parenthesis. *** p < 0.01, ** p < 0.05, * p < 0.10.
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Table 11: Regression Results on Votes and Vote Shares of Pro-Establishment and Pro-Democracy
Candidates

A Pro-Dem. Votes, A Pro-Est. Votes, A Pro-Dem
of registered voters % of registered voters % Total Vote Share %
(1) (2) 3) (4) ) (6)
Protest Intensity ~ 2.337 2.160 0.744 0.761 3.814 3.432
(1.434) (1.471) (1.251) (1.253) (2.645)  (2.671)
Demographics Y Y Y Y Y Y
Employment Y Y Y Y Y Y
Income Y Y Y Y Y Y
District FE Y Y Y Y Y Y
Weighted N 2016 pop N 2016 pop N 2016 pop
Method IV 1\Y I\Y IV IV I\Y
R? 0.144 0.138 0.084 0.095 0.135 0.130
Observations 361 361 361 361 361 361

Notes: This table reports the IV regression results of protest intensity on the votes and pro-
establishment and pro-democracy candidates, as well as the vote shares of pro-democracy candi-
dates, using the specification of Columns (5) and (6) in Table 2. The outcome variables are the percent-
age point change of votes (divided by registered voters) obtained by pro-democracy candidates in
each Constituency Area between the 2019 and 2015 Hong Kong District Council Election in Columns
(1) and (2), by pro-establishment candidates in Columns (3) and (4), and the percentage point change
of the total vote share in Columns (5) and (6), respectively. The main explanatory variable is the
protest intensity, measured by the log of one plus the number of events during the 2019 Hong Kong
ANTI-ELAB Protest. The instrument variables are the log of one plus the number of bus stops, log
of one plus the number of minibus stops, and the log of the distance from the central point of the
Constituency Area to its nearest MTR Station. Standard Errors are robust to heteroskedasticity and
reported in parenthesis. *** p < 0.01, ** p < 0.05, * p < 0.10.
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Table 12: Regression Results of Protest Intensity on Growth of Total Stayers

OLS Results IV Results

(1) (2) (3) (4)

Protest Intensity -0946  -0.742  -7.317*" -7.383***
(1.158)  (1.146)  (2.955)  (2.825)

Demographics Y Y Y Y
Employment Y Y Y Y
Income Y Y Y Y
District FE Y Y Y Y
Weighted N 2016 pop N 2016 pop
Kleibergen-Paap F 23.846 23.068
R? 0.186 0.189 0.137 0.135
Observations 429 429 429 429

Notes: This table reports the regression results of protest intensity on the growth of total stayers,
using the specification of Columns (5) and (6) in Table 2. The outcome variable is the growth of total
stayers defined by the sum of people who stay in the same Constituency Area between 2016 and 2021
and calculated using Equation 3. The main explanatory variable is the protest intensity, measured by
the log of one plus the number of events during the 2019 Hong Kong ANTI-ELAB Protest. Columns
(1) and (2) report the OLS results, and Columns (3) and (4) report the IV results, where the instrument
variables are the log of one plus the number of bus stops, log of one plus the number of minibus
stops, and the log of the distance from the central point of the Constituency Area to its nearest MTR
Station. Standard Errors are robust to heteroskedasticity and reported in parenthesis. *** p < 0.01, **
p < 0.05,* p < 0.10.
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Appendix A Identifying The political stance of Candidates
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Please vote for Yeung Hoi Wing
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(a) An Example of Pro-Establishment Candidate Using Party Affiliation In-

formation
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(b) An Example of Pro-Democracy Candidate Using Party Affiliation Infor-

mation
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Together we Stand; Reclaim District Council Well-known slogan
Democracy and Livelihood go HandinHand  jn the 2019 Protest

No More Biased Opinions
Your Right, Your Vote, Your Say

(c) An Example of Pro-Democracy Candidate Using Slogan Information
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(d) An Example of Neutral Candidate Using Slogan Information

Figure A.1: Examples of Identifying Political Stances of Candidates

Notes: This figure shows four examples of identifying the political stances of candidates, using dif-
ferent information. The data source is the Registration and Election Office of the Hong Kong gov-
ernment. Panel (a) and (b) show two examples in which candidates claim their political affiliation
explicitly. I assign them the same political stance as their belonged affiliation. Panel (c) and (d) show
two examples in which the candidate does not claim their political affiliation. In this situation, I refer

to their political platform and slogan for information.
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Table A.1: Political Stances of Major Parties in Hong Kong

Pro-Establishment Parties

Pro-Democracy Parties

Democratic Alliance for the Betterment and Progress of Hong Kong
Hong Kong Federation of Trade Unions

Business and Professionals Alliance for Hong Kong

Liberal Party

New People’s Party

New Century Forum

Federation of Hong Kong and Kowloon Labour Unions

New Territories Association of Societies

Hong Kong Island Federation

Democratic Party

Civic Party

Labour Party

Neighbourhood and Worker’s Service Centre

Hong Kong Association for Democracy and People’s Livelihood
League of Social Democrats

People Power

2047 Hong Kong Monitor

Democratic Coalition for DC Election

Notes: This table reports the political stances of the major parties in Hong Kong. Pro-Establishment
parties represent those that are closer to the Chinese Communist Party (CPC), and Pro-Democracy
parties represent those that are supportive of democratic system.
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Appendix B Supplemental Figures and Tables for Empirical Analyses
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Estimated Coefficient of Protest Intensity

Figure B.1: Estimated Coefficient of Protest Intensity on Voter Turnout, Dropping One District Coun-
cil

Notes: This figure shows the distribution of the estimated coefficients of the protest intensity on voter
turnout, based on Equation 1 and the specification of Column (5) in Table 2. For each regression, I
drop one District Council from all the observations. The outcome variable is the percentage point
change of the voter turnout in each Constituency Area between the 2019 and 2015 Hong Kong District
Council Election. The main explanatory variable is the protest intensity, measured by the log of one
plus the number of events during the 2019 Hong Kong ANTI-ELAB Protest. The black solid line
represents the actual estimated coefficient using the full sample.
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Table B.1: OLS Regression Results of Protest Intensity on Voter Turnout, Cluster at District Councils

(1) (2) (3) (4) (5) (6)

Protest Intensity  0.308  0.737*** 0.705** 0.710** 0.859**  0.893**
(0.297)  (0.251)  (0.280) (0.288) (0.306)  (0.333)

Demographics Y Y Y Y Y
Employment Y Y Y Y
Income Y Y Y
District FE Y Y
Weighted N N N N N 2016 pop
R? 0.003 0.129 0.130 0.130 0.241 0.247
Observations 363 361 361 361 361 361

Notes: This table reports the OLS regression results of protest intensity on voter turnout, based on
Equation 1. The outcome variable is the percentage point change of the voter turnout in each Con-
stituency Area between the 2019 and 2015 Hong Kong District Council Election. The main explana-
tory variable is the protest intensity, measured by the log of one plus the number of events during
the 2019 Hong Kong ANTI-ELAB Protest. Column (1) reports the bi-variate regression results. Col-
umn (2) controls for demographic characteristics at the 2016 level. Column (3) adds employment
controls at the 2016 level. Column (4) adds the median household income in 2016 level. Column (5)
includes district council fixed effects. Column (6) weights by Constituency Area’s total population in
2016 level. Standard Errors are clustered at the district council level and reported in parenthesis. ***
p <0.01," p <0.05 * p <0.10.
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Table B.2: Summary Statistics of Key Variables by Whether Having Elections in 2015

Has No 2015 Elections Has 2015 Elections Differences

Num. of Events before Nov. 24 3.829 3.603 0.226
Female % 53.935 54.207 -0.272
Age Under 15 % 11.057 11.376 -0.319
Age15-24 % 10.613 10.595 0.018
Age 25 - 44 % 30.265 30.622 -0.357
Age 45 - 64 % 32.048 30.729 1.320%**
Age Over 65 % 16.017 16.679 -0.662
Married % 51.715 51.436 0.279
Born in Hong Kong % 61.123 59.531 1.592
Born in Mainland China % 30.556 32.308 -1.752
Speak Cantonese % 85.626 85.350 0.276
Speak Mandarin % 1.789 1.723 0.066
With Diploma or Certificate % 5.160 5.072 0.088
With Sub-degree Course % 4.183 4.109 0.074
With Degree course % 19.727 18.801 0.926
Working population % 51.386 50.495 0.892
Median Household Income 35471.405 34059.412 1411.993
Observations 68 363

Notes: This table reports the summary statistics of the key treatment variable, and control variables
and their differences in Constituency Areas with and without competitive elections in the 2015 Dis-
trict Council Election. The data source is the Census and Statistics Department of the Hong Kong
government, and the ANTI-ELAB research data archive. Control variables include demographic
characteristics, employment, and income control variables of each Constituency Area in 2016. Fe-
male through working population refer to the proportion of population with noted attribute. Median
household income refers to the median monthly household income in 2016 Hong Kong Dollar. ***
p <0.01, " p <0.05 * p <0.10.
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Table B.3: Summary Statistics of Control Variables by Whether There is an Event

Events =0 Events > 0 Differences

Female % 53.774 54.195 -0.421**
Age Under 15 % 11.175 11.035 0.140
Age 15-24 % 10.650 10.568 0.082
Age 25 -44 % 30.151 30.501 -0.350
Age 45 - 64 % 31.822 31.860 -0.038
Age Over 65 % 16.201 16.036 0.166
Married % 51.584 51.764 -0.180
Born in Hong Kong % 61.198 60.526 0.672
Born in Mainland China % 31.445 30.182 1.263
Speak Cantonese % 87.013 84.062 2.951**
Speak Mandarin % 1.458 2.115 -0.658"**
With Diploma or Certificate % 5.098 5.198 -0.100
With Sub-degree Course % 4.149 4.196 -0.047
With Degree course % 17.794 21.479 -3.685"**
Working population % 50.391 52.154 -1.763***
Median Household Income 33246.351  37375.455 -4129.103**
Observations 222 209

Notes: This table reports the summary statistics of control variables and their differences in Con-
stituency Areas with and without events during the 2019 Hong Kong ANTI-ELAB protest. The data
source is the Census and Statistics Department of the Hong Kong government. Control variables in-
clude demographic characteristics, employment, and income control variables of each Constituency
Area in 2016. Female through working population refer to the proportion of population with noted
attribute. Median household income refers to the median monthly household income in 2016 Hong

Kong Dollar. *** p < 0.01, ** p < 0.05, * p < 0.10.
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Table B.4: Local Information: Regression Results Controlling Protest Intensity in Different Buffers

(1) (2) (3) (4) () (6)
Protest Intensity 0 - 500m 0.004 0.011 -0.030 -0.050
(0.354) (0.371) (0.359)  (0.375)
Protest Intensity 500 - 1000m -0.280 -0.181 -0.265 -0.153
(0.346) (0.358) (0.356)  (0.370)
Local Protest Intensity 0.860**  0.897***
(0.332)  (0.342)
Demographics Y Y Y Y Y Y
Employment Y Y Y Y Y Y
Income Y Y Y Y Y Y
District FE Y Y Y Y Y Y
Weighted N N N N N 2016 pop
R? 0.019 0.135 0137 0137  0.243 0.247
Observations 363 361 361 361 361 361

Notes: This table reports the regression results of protest intensity on voter turnout using the spec-
ification of Columns (5) and (6) in Table 2. The outcome variable is the percentage point change of
the voter turnout in each Constituency Area between the 2019 and 2015 Hong Kong District Council
Election. The main explanatory variables are the local protest intensity, protest intensity 0 - 500m,
and protest intensity 500 - 1000m, measured by log of one plus the number of events within the Con-
stituency Area, within a 0 - 500m buffer outside the area, and a 500 - 1000m buffer outside the area
during the 2019 Hong Kong ANTI-ELAB Protest. Standard Errors are robust to heteroskedasticity

and reported in parenthesis. *** p < 0.01, ** p < 0.05, * p < 0.10.
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Table B.5: IV Regression: Regression Results Controlling Urban Suburban Area Status

OLS Results OLS Results IV Results
1) ) 3) (4) (5) (6)
1Urban Area -1.002 -0.951 -0.670 -0.595 -0.390 -0.293
(0.689) (0.717)  (0.700)  (0.722)  (0.716)  (0.729)
Protest Intensity 0.790**  0.833**  1.458"*  1.539**
(0.338)  (0.345) (0.742) (0.739)
Demographics Y Y Y Y Y Y
Employment Y Y Y Y Y Y
Income Y Y Y Y Y Y
District FE Y Y Y Y Y Y
Weighted N 2016 pop N 2016 pop N 2016 pop
R? 0.230 0.234 0.243 0.248 0.234 0.238
Observations 361 361 361 361 361 361

Notes: This table reports the regression results of protest intensity on voter turnout, using the spec-
ification of Columns (5) and (6) in Table 2. The outcome variable is the percentage point change of
the voter turnout in each Constituency Area between the 2019 and 2015 Hong Kong District Council
Election. Columns (1) and (2) report the results using only the urban dummy, equal 1 if the area is
defined as an urban area and zero otherwise, as the main explanatory variable. Columns (3) and (4)
further include the protest intensity, measured by the log of one plus the number of events during
the 2019 Hong Kong ANTI-ELAB Protest. Columns (5) and (6) use instead the instrumented protest
intensity, where the instruments are the log of one plus the number of bus stops, log of one plus the
number of minibus stops, and the log of the distance from the central point of the Constituency Area
to its nearest MTR Station. Standard Errors are robust to heteroskedasticity and reported in paren-
thesis. *** p < 0.01, ** p < 0.05, * p < 0.10.
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Table B.6: IV Regression: Regression Results Controlling Distance to the Polling Stations

OLS Results OLS Results IV Results

(1) (2) (3) (4) (5) (6)

In(Dist. To Nearest Polling Sta.)  0.018 -0.012 0.041 0.012 0.058 0.030
0361) (0.376)  (0.360)  (0.373) (0.347)  (0.359)

Protest Intensity 0.859***  0.894*** 1.501**  1.558**
(0.331) (0.340)  (0.691)  (0.698)
Demographics Y Y Y Y Y Y
Employment Y Y Y Y Y Y
Income Y Y Y Y Y Y
District FE Y Y Y Y Y Y
Weighted N 2016 pop N 2016 pop N 2016 pop
R? 0.225 0.230 0.241 0.247 0.235 0.237
Observations 361 361 361 361 361 361

Notes: This table reports the regression results of protest intensity on voter turnout, using the spec-
ification of Columns (5) and (6) in Table 2. The outcome variable is the percentage point change of
the voter turnout in each Constituency Area between the 2019 and 2015 Hong Kong District Council
Election. Columns (1) and (2) report the results using only the log of the distance from the cen-
tral point of the Constituency Area to the nearest polling Station as the main explanatory variable.
Columns (3) and (4) further include the protest intensity, measured by the log of one plus the number
of events during the 2019 Hong Kong ANTI-ELAB Protest. Columns (5) and (6) use instead the in-
strumented protest intensity, where the instruments are the log of one plus the number of bus stops,
log of one plus the number of minibus stops, and the log of the distance from the central point of the
Constituency Area to its nearest MTR Station. Standard Errors are robust to heteroskedasticity and
reported in parenthesis. *** p < 0.01, ** p < 0.05, * p < 0.10.
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Table B.7: Regression Results of Protest Intensity on Voter Turnout, Subsample of Urban versus
Suburban Areas

> Median Pop. Density < Median Pop. Density

(1) () (3) (4)

Protest Intensity 4.363"** 4.322%* 1.161 1.304*

(1.531) (1.604) (0.770) (0.750)
Demographics Y Y Y Y
Employment Y Y Y Y
Income Y Y Y Y
District FE Y Y Y Y
Weighted N 2016 pop N 2016 pop
Method v v IV IV
R? 0.182 0.193 0.289 0.306
Observations 186 186 175 175

Notes: This table reports the IV regression results of protest intensity on voter turnout, using the
specification of Columns (5) and (6) in Table 2. The outcome variable is the percentage point change
of the voter turnout in each Constituency Area between the 2019 and 2015 Hong Kong District Coun-
cil Election. The main explanatory variable is the protest intensity, measured by the log of one plus
the number of events during the 2019 Hong Kong ANTI-ELAB Protest. The instrument variables are
the log of one plus the number of bus stops, log of one plus the number of minibus stops, and the log
of the distance from the central point of the Constituency Area to its nearest MTR Station. Columns
(1) and (2) report the results using the subsample that the Constituency Area has a population den-
sity higher than the median at the 2016 level, and Columns (3) and (4) report the results using the
subsample that the Constituency Area has a population density lower than the median at the 2016
level. Standard Errors are robust to heteroskedasticity and reported in parenthesis. *** p < 0.01, **
p < 0.05 * p <0.10.
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Table B.8: Regression Results of Protest Intensity on Vote Shares of Neutral Candidates, Subsample
of Previous Political Stances

Previous Non-Pro-Dem. Previous Pro-Dem.

(1) (2) (3) (4)

Protest Intensity -6.883** -6.650** 0.423 0.817

(3.049) (2.990) (1.472)  (1.518)
Demographics Y Y Y Y
Employment Y Y Y Y
Income Y Y Y Y
District FE Y Y Y Y
Weighted N 2016 pop N 2016 pop
Method v I\Y IV I\Y%
R? 0.133 0.125 0.316 0.363
Observations 239 239 122 122

Notes: This table reports the IV regression results of protest intensity on neutral vote share, using
the specification of Columns (5) and (6) in Table 2. The outcome variable is the percentage point
change of the total vote share of candidates that are neutral in each Constituency Area between the
2019 and 2015 Hong Kong District Council Election. The main explanatory variable is the protest
intensity, measured by the log of one plus the number of events during the 2019 Hong Kong ANTI-
ELAB Protest, where the instrument variables are the log of one plus the number of bus stops, log of
one plus the number of minibus stops, and the log of the distance from the central point of the Con-
stituency Area to its nearest MTR Station. Columns (1) and (2) report the results using the subsample
that non pro-democracy candidates won in the 2015 District Council Election, and Columns (3) and
(4) report the results using the subsample that pro-democracy candidates won in the 2015 District
Council Election. Standard Errors are robust to heteroskedasticity and reported in parenthesis. ***
p <0.01, " p <0.05* p <0.10.

67



Table B.9: Regression Results of Protest Intensity on Vote Shares of Pro-Democracy Candidates, Sub-
sample of Previous Political Stances

Previous Non-Pro-Dem. Previous Pro-Dem.

(1) (2) (3) (4)

Protest Intensity  5.116 4.769 -1.034 -1.325

(3.299) (3.322) (1.573)  (1.568)
Demographics Y Y Y Y
Employment Y Y Y Y
Income Y Y Y Y
District FE Y Y Y Y
Weighted N 2016 pop N 2016 pop
Method v v IV v
R? 0.255 0.244 0286 0278
Observations 239 239 122 122

Notes: This table reports the IV regression results of protest intensity on pro-democracy vote share,
using the specification of Columns (5) and (6) in Table 2. The outcome variable is the percentage
point change of the total vote share of candidates that are pro-democracy in each Constituency Area
between the 2019 and 2015 Hong Kong District Council Election. The main explanatory variable is
the protest intensity, measured by the log of one plus the number of events during the 2019 Hong
Kong ANTI-ELAB Protest. The instrument variables are the log of one plus the number of bus stops,
log of one plus the number of minibus stops, and the log of the distance from the central point
of the Constituency Area to its nearest MTR Station. Columns (1) and (2) report the results using
the subsample that non pro-democracy candidates won in the 2015 District Council Election, and
Columns (3) and (4) report the results using the subsample that pro-democracy candidates won in
the 2015 District Council Election. Standard Errors are robust to heteroskedasticity and reported in
parenthesis. *** p < 0.01, ™ p < 0.05, * p < 0.10.
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Table B.10: Regression Results of Protest Intensity on Growth of Total Stayers, Subsample of Previous

Political Stances

Previous Non-Pro-Democracy Previous Pro-Democracy

M (2) (3) (4)

Protest Intensity -10.134** -9.837** -0.617 -0.828

(4.369) (4.204) (2.690) (2.766)
Demographics Y Y Y Y
Employment Y Y Y Y
Income Y Y Y Y
District FE Y Y Y Y
Weighted N 2016 pop N 2016 pop
Method I\Y% I\Y IV I\Y
R? 0.116 0.119 0.428 0.449
Observations 305 305 124 124

Notes: This table reports the IV regression results of protest intensity on the growth of total stayers,
using the specification of Columns (5) and (6) in Table 2. The outcome variable is the growth of
total stayers defined by the sum of people who stay in the same Constituency Area between 2016
and 2021 and calculated using Equation 3. The main explanatory variable is the protest intensity,
measured by the log of one plus the number of events during the 2019 Hong Kong ANTI-ELAB
Protest. The instrument variables are the log of one plus the number of bus stops, log of one plus
the number of minibus stops, and the log of the distance from the central point of the Constituency
Area to its nearest MTR Station. Columns (1) and (2) report the results using the subsample that non
pro-democracy candidates won in the 2015 District Council Election, and Columns (3) and (4) report
the results using the subsample that pro-democracy candidates won in the 2015 District Council
Election. Standard Errors are robust to heteroskedasticity and reported in parenthesis. *** p < 0.01,

*p <0.05 *p<0.10.
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Table B.11: Regression Results of Protest Intensity on Pro-Democracy Candidates, Subsample of
Urban versus Suburban Areas

> Mean Pop. Density < Mean Pop. Density

(1) (2) (3) (4)
Protest Intensity -18.187**  -18.658*  -7.310**  -7.428"**
(9.149) (9.867) (2.923) (2.783)

Demographics Y Y Y Y
Employment Y Y Y Y
Income Y Y Y Y
District FE Y Y Y Y
Weighted N 2016 pop N 2016 pop
Method v I\Y I\Y I\Y%

R? 0.060 0.033 0.222 0.232
Observations 196 196 233 233

Notes: This table reports the IV regression results of protest intensity on the growth of total stayers,
using the specification of Columns (5) and (6) in Table 2. The outcome variable is the growth of
total stayers defined by the sum of people who stay in the same Constituency Area between 2016
and 2021 and calculated using Equation 3. The main explanatory variable is the protest intensity,
measured by the log of one plus the number of events during the 2019 Hong Kong ANTI-ELAB
Protest. The instrument variables are the log of one plus the number of bus stops, log of one plus
the number of minibus stops, and the log of the distance from the central point of the Constituency
Area to its nearest MTR Station. Columns (1) and (2) report the results using the subsample that the
Constituency Area has a population density higher than the mean at the 2016 level, and Columns (3)
and (4) report the results using the subsample that the Constituency Area has a population density
lower than the mean at the 2016 level. Standard Errors are robust to heteroskedasticity and reported
in parenthesis. *** p < 0.01, ** p < 0.05, * p < 0.10.
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